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Abstract: To solve the problem of low tracking accuracy caused by weak texture and multi target
occlusion,a fusion infrared tracking model MSB-YOLOvV7-DeepSort is constructed, based on the
improved YOLOV7 and the multi-target tracking algorithm DeepSort. The SE ( squeeze and excita-
tion ) channel attention mechanism and the bidirectional feature pyramid network are utilized to im-
prove the quality of feature extraction for the infrared targets. The lightweight network Mobile-
NetV3 is used to replace the YOLOV7 backbone network to enhance the inference speed of the fu-
sion model. The experimental results indicate that the MSB-YOLOv7-DeepSort model has good per-
formance in tracking accuracy and frame rate.
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Fig.7 Examples of tracking video dataset
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Fig.9 Experiment results visualization of six tracking models
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