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Cross-View Geo-Localization Method for Limited Field-of-View Images with

Fused Azimuthal Information

ZHANG Yuandong, YANG Chunfang, SUN Siyue
(Information Engineering University, Zhengzhou 450001, China)

Abstract: To address the information loss caused by viewpoint changes in cross-view image geo-local-
ization, which degrades localization accuracy, a cross-view geo-localization method for limited field-of-
view images with fused azimuthal information (FAECGeo) is proposed. Firstly, a feature modulation
module with fused azimuthal information is designed to enhance image feature maps from the corre-
sponding image locations, while predicting an azimuthal information confidence map to adaptively fuse
the enhanced features with the original ones, so as to optimize the utilization of azimuthal information
and semantic information. Then, an LogSumExp (LSE) pooling module weighted by azimuthal informa-
tion confidence is introduced to reweight the accumulated exponentials, reducing interference caused
by overemphasized azimuthal information in global representations and improving feature robustness.
Experimental results show that the localization accuracy of FAECGeo outperforms existing state-of-
the-art methods under different field-of-view settings. When the field-of-view is 90°, the maximum R@1
scores on the CVUSA and CVACT datasets are improved by 3.7 and 3.2 percentage points, respectively.

Key words: cross-view image geo-localization; limited field-of-view images; azimuthal information

confidence; LogSumExp pooling
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