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Application of State Sequence Analysis in Studying Chronic Disease

Progression Trajectories
Liu Yang, Li Chunxia, Cao Wen, et al(Department of Biostatistics, School of Public Health, Cheeloo College of Medicine,
Shandong University, Jinan 250012)

[Abstract] Objective To introduce the basic principles of state sequence analysis (SSA) and demonstrate its
application in chronic disease progression trajectories research through an example. Methods SSA considers the events
experienced by individuals during follow-up as an ordered list of different states. By calculating sequence dissimilarity and
applying cluster analysis, SSA can identify, describe, and analyze complex longitudinal patterns. In this study, SSA was
applied to multicenter health examination data to identify typical chronic disease progression trajectories, and logistic
regression analysis was used to explore potential factors associated with these trajectories. Results A total of 8952 participants
were included in the study, and four distinct chronic disease progression trajectories were identified. Logistic regression
analysis revealed that the triglyceride-glucose index, the low-density lipoprotein/high-density lipoprotein ratio, and the
aspartate aminotransferase/alanine aminotransferase ratio were factors influencing chronic disease progression trajectories in the

health examination population (P<0.05). Conclusion

SSA is an effective tool for studying chronic disease progression

trajectories and can provide a scientific basis for developing targeted interventions.
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