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Abstract: Addressing the issue of insufficient adaptation to driving styles in the traditional adaptive cruise
system of pure electric vehicles, a humanized stop—and-go control strategy based on driving behavior
characteristics was proposed. Firstly, real driver stop—and—go data were analyzed and features extracted,
and construction of a driving style classification model using principal component analysis and the K-
Means+ + algorithm. Secondly, a two-layer control architecture was designed to implement the human-
like control logic for switching between driving and braking. Thirdly, a humanization factor was designed
based on Bayesian linear regression and maximum entropy inverse optimization methods. Finally, the

consistency between the proposed method and real drivers' control behaviors was validated through
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Fig. 1 Driving behavior parameter distribution in lead vehicle absent start/stop scenarios
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Fig. 2 Data collection for stop—and—go experiments based on driving simulator
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