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Bl 3. Rl (@ JFIEEE: (b) SHSIRMIER: (o KA
A

R1 REEAME
Number Key point Number Key point
0 Nose 9 Left knee
1 Neck 10 Left foot
2 Left shoulder 11 Right hip
3 Left elbow 12 Right knee
4 Left wrist 13 Right foot
5 Right shoulder 14 Lefteye
6 Right elbow 15 Right eye
7 Right wrist 16 Left ear
8 Left hip 17 Right ear
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FE, $ATRECN30. EE LSTM % 4045 BEHE T
JZLSTM I ANAS E (7). it 25 18] /9 2% 312 B A A5 A0
23 LSTM JZA0FE )5, i H 31 Softmax 3 B& B JLA 1
LG FCJZ o X LA A IR B — AN LA AE SR ) T X
PEALA RLZNE MR, b B K IR ZRAE D 2 i B 1 12K
e ERRMEIE LR, % T 36 169 M8 5
HoApp e AR L, THERERN.

4. SRIOHLER
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P Px = Py
_____ Y B Spatial feature extraction network

~
|LS"I'rM1 |—>|LSTM1 '—>|LSTM1 }—>|Lsm1 |

|LS"I'rM2 e I.STIM2 | LS"I'MZ }—>| LSTM2|/

Temporaifeature extractién network

‘ Softmax‘ |Softmax| |Suftmax|

B 7. i (AR S 2%

|Softmax |

B,

4.1, B EEHIE

P 2 B R AGNLAE 2 AR T4, REF0 30 i,
SPHREER N 1920 x 12800 FAZMLASZE € ey, nl LA
BNEAN[F 1 BEAC SR AN SR 2 TNl TA7 2, MU a5
Z4 TN, WscnE 8 iR,

B 8. i 137 5t AL

4.1.1. B TN AT 9 BRI s £ 1 i 1
FEREE B ET, h T R4S TNAE RO B 5C
ARSI RIEH, & EAE DI EEESE,

Name Input size Output size Number of neurons Number of parameters ~ Activation function
FC layer 1 (32, None, 36) (32, None, 128) 128 4736 ReLU

FC layer 2 (32, None, 128) (32, None, 64) 64 8256 ReLU

FC layer 3 (32, None, 64) (32, None, 64) 64 4160 ReLU

FC layer 4 (32, None, 64) (32, None, 32) 32 2080 ReLU

LSTM1 (32, 10, 32) (32, 10, 32) 32 8320 Tanh

LSTM2 (32,10, 32) (32, 10, 32) 32 8320 Tanh

FC layer 5 (32, None, 32) (32, None, 9) 9 297 Softmax

The dimensions are denoted as (batch size, time step, input dimension) inside the parentheses in the input and output size columns. ReLU: rectified linear unit;

Tanh: hyperbolic tangent function.



252

ARG — 4 T AR — D aifESa0.

N TR BRI R, 5 AR A (A NI [R]
SRR AT BT R . fEAS R L, BT AR TN
1 FRAERT R G . FERR] b, SRR 44 TN
IAR F BRI TRl AT BY 4. BT LSRR LA, &
IR — 4 T AN AR, s
PR, XAHCT AT DARSE A F B SE P F R AT B . A
[ B S Bl 3 il RS (RS =1D ARt AR
& (TNRE=00. BAERFIFERI P, “HAh” F5%
ZRST ARG PP NEST R

4.1.2. Kot R BRI IE
FER R AR 2 Ja A Sk A S A SR USRS

&3 LABMERBIAMEL

Action name Category Worker state Number of
number ames
Shouldering materials 0 1 2160
Carrying materials 1 1 2160
Sitting-rest 2 0 2430
Standing-rest 3 0 2520
Squatting-operation 4 1 2430
Squatting-rest 5 0 2160
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