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Abstract: The management and maintenance of damaged books has always been an important work in the library. In the

detecting of damaged books, the traditional manual detecting is inefficient and susceptible to subjective factors, which makes

it difficult to meet the needs of modern libraries. Therefore, we proposed a book damage detection model based on deep

learning. We used YOLOvVS as a base model and improved it by introducing convolutional block attention module (CBAM) ,

Meta-ACON activation function and bi-directional feature pyramid network (BiFPN). The mAP@O0. 5 of the proposed model
reaches 94. 89%. Specially, the AP of the damaged book reaches 94. 59% , which is 2.42% higher than that of YOLOv5s.

This model can provide good detection performance in different backgrounds, which helps to improve the efficiency of screen-

ing damaged books and timely maintenance of damaged books.
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