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Cargo Names Intelligent Classification Identification and
Mapping for Railway Multimodal Transport Based on
Large Language Models

FENG Yibin

(Multimodal Transport Business Department, China Railway Container Transport Co., Ltd., Beijing 100073, China)

Abstract: To address the challenges of rapid identification and standardized classification of e-commerce cargo names in
railway multimodal transport, this paper proposed a technical solution and system implementation for intelligent
classification recognition and mapping of cargo names based on large language models. Using Qwen2.5-14B as the base
model, the extraction of ontology terms from e-commerce cargo names with rich redundant information through local
deployment and domain-specific fine-tuning. Vector similarity retrieval was employed to obtain candidate sets of railway
cargo names. Through a semantic reasoning and confidence-based decision-making mechanism, automated mapping to the
railway cargo name dictionary was achieved. Application results demonstrate that the proposed method effectively improves
the accuracy and processing efficiency of cargo name classification mapping, with strong adaptability and continuous
optimization capability, which meets the practical business requirements of railway multimodal transport, and significantly
enhances logistics operation efficiency and enterprise intelligent level.

Keywords: Multimodal Transport; Cargo Name; Ontology Term; Large Language Model; Intelligent Mapping
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