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Abstract: In order to reduce the impact of traction power supply failure on the operation safety of railway electrification, it is necessary to

provide a more accurate and rapid identification method of traction power supply failure. For this reason, based on the analysis of
traction power supply fault, a fault identification model is built based on the Long and Short Term Memory neural network, and
the Convolutional Neural Network is introduced to further accelerate the identification speed. In the test results, the accuracy of
the proposed model reaches 0.98, while the single Convolutional neural network is 0.81, and the Long and Short Term Memory
neural network is 0.82. Compared to the other two models, the accuracy of the proposed model is improved by at least 20%. In ad-
dition, when the data volume is 100, compared to the Long and Short Term Memory neural network, the running time of the mod-

el proposed in the study decreases by 2.36 seconds, verifying the effectiveness of the study. The research aims to provide refer-

ence for ensuring the safety of traction power supply.
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