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Cross Language Translation Method Based on Deep
Learning and Context Aware Algorithms
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Abstract: A cross language translation model based on deep learning and context aware algorithms is proposed to ad-
dress the issue of low performance in current cross language machine translation. A cross language Transformer encoder de-
coder structure with 12 layers was proposed to fully learn different language expression features. A data alignment method
has been proposed, which can effectively expand the number of data samples, increase data diversity and volume, reduce the
relative differences in complexity between data and models, and alleviate overfitting problems. During the experimental
phase, the proposed model demonstrated superior performance through supervised. unsupervised, and zero sample datasets
testing. The experiment fully verified that the proposed model can effectively express unknown languages. Compared with
mainstream models such as m-Transformer and mRASP, the proposed model has better BLEU scores. The experimental re-
sults demonstrate the effectiveness and practicality of the proposed cross language translation model, which can provide some
reference for the development of cross language machine translation.
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