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Abstract

Syncope refers to a transient loss of consciousness caused by cerebral hypoperfusion, with
diverse underlying etiologies. Recurrent episodes of syncope not only impair patients’ quality of life
but can also be life - threatening. Consequently, the timely and accurate identification of syncope
etiologies, risk stratification of patients, and formulation of rational, effective long-term management
strategies have emerged as pressing clinical priorities. Artificial intelligence (Al)-enabled models have
demonstrated considerable potential in syncope identification, etiology diagnosis, disease risk
assessment, determination of optimal hospitalization timing, and identification of examination
requirements. Such models are anticipated to serve as novel tools for facilitating syncope
management. This article provides a review of the current applications of Al in the field of syncope.
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