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Hand gesture

Trajectory

Physical and visual effects

Onboard processing—Raspberry Pi

IMUs—BNQO055 (N=15)

Force sensor—\Velostat (N=26)

Hardware

(a)

(b)

Haptics—vibrational motor (N=6)

Localization—HTC VIVE tracker (N=1)

FEM simulation

(c)
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Phalanx Transformation
Proximal )T
Middle/distal for thumb ‘T)TT
Distal T T3TT
4
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2
PIP joint: 0°<60,<110° (2)

DIP joint: 0°<6,<90°
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Component Power (W)
Gesture sensing
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6 Velostat 0.02
Computing
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