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[Abstract] In recent years, the rapid development of artificial intelligence (AI) technology has led to a steady rise in its
application in the field of endodontics. This review focuses on evaluating the latest advancements of Al in the diagnosis of
endodontic diseases, including caries, non-carious diseases of dental hard tissues, and periapical lesions. It discusses the
advantages of Al-assisted diagnosis and reviews the limitations and challenges posed by dataset quality, transparency of
Al, and potential ethical dilemmas. In the near future, Al is expected to significantly influence the daily workflow, diagno-
sis, and treatment strategies of dental and pulp diseases.
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Tab 1 Al-assisted diagnosis of caries based on intraoral photograph

=3 By RRRE O FEARE RO PEA 4 R
Khan 2 2022 ZFA 609 CNN  Dental-Net, VGG-16, MobileNetV2, InceptionV3, ResNet-18 [JHERN# 53514 91.09%
87.76%. 84.55%. 82.65%. 86.78%
Park 211 2022 FIABHEHL 2348 CNN  ResNet-18, Faster R-CNN [#ER R4 4 81.3% . 89.0%

Kiihnisch 25 2022 LRGNl 2417 CNN
Sonavane %" 2021 - 74 CNN
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R 71.4%
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Tab 2 Al-assisted diagnosis of caries based on two-dimensional radiograph

= 0y FEA X LR F e 2 S BB TSR
Liu 408 2024 4278 AR K CNN IR 89%, FEFAE89%, M 88%
Dhanak %" 2024 100 WEHL ANN RS 75%, K% 85%
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Tab 3 Al-assisted diagnosis of periapical periodontitis based on radiograph

fE& Ay A&l 2 SRR FEAS TR R
Shafi 251 2023 WRF CNN 534 W 98%, KEHIEE 76%, HHUSE 75%
Li %t 2021 WARR CNN 460 IR 93%, F55PE90%, MU 95%, FEiIE 92%
Chen %144 2021 WRR CNN 2900 K0 52%, HUBE 52%
Calazans 45 2022 CBCT CNN 885 WERTR 70%, AEHIE 76%, H5H1HE76%
Kirnbauer 2] 2022 CBCT CNN 144 HURTE 97%, F551E 88%
Endres 414 2020 Esien CNN 3099 FAMETINAE 67%, F153r4058%, MLk T HEA 60%
Ekert 2147 2019 Esien CNN 2579 2k T A 85%, MU 65%, FrF1E87%
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