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Research on Voiceprint Recognition of Coal Mill
Based on Mel-CNN Model

ZHU Bin',LI Qie'", CAO Hong’, CHANG Da’
(1. CHN Energy Group Yongzhou Power Generation Co. ,» Ltd. , Yongzhou.Hunan 425000,China;
2. Beijing Huakong Zhijiao Technology Co. , Ltd. , Beijing 100080,China;
3. State Grid Zibo Power Supply Company, Zibo,Shandong 255022, China)

Abstract: Coal mill is one of the important auxiliary equipment of coal-fired power station, and its running condition is
directly related to the safe and stable operation of the unit. A method based on Mel-CNN model is proposed to identify the
bearing vowels of coal mill, so as to detect the running state of coal mill effectively. Firstly, the noise signal under the action
of various bearing failure is simulated by the noise acquisition platform, and the Mel spectrum features are extracted. Then,
the Mel spectrum generated under each state of the mill bearing is input into the CNN model, which trains, learns and ex-
tracts the Mel spectrum generated under each state. The final experimental results show that the Mel-CNN model is superior
to other models in terms of training time and model size, and has great advantages in bearing fault voicing recognition.
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