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Advances in artificial intelligence for precision diagnosis
and treatment of bronchial asthma in multiple dimensions
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[ Abstract ] Bronchial asthma is a chronic inflammatory respiratory disease that significantly impairs lung
function. In recent years, the rapid advancement of artificial intelligence (AI) technology in the medical field has
created new opportunities for diagnosing, treating, and prognosis of bronchial asthma. This paper provides a
comprehensive review of Al applications in bronchial asthma, highlighting the use of machine learning, deep
learning, and other technologies for efficient and intelligent prediction, precise diagnosis and classification,
treatment decision-making, and prognosis assessment. It also explores current challenges and potential future
directions for development.
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